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Abstract: The importance of understanding interactomes makes preeminent the study of protein
interactions and protein complexes. Traditionally, protein interactions have been elucidated by
experimental methods or, with lower impact, by simulation with protein docking algorithms. This
article describes features and applications of the BiGGER docking algorithm, which stands at the
interface of these two approaches. BiGGER is a user-friendly docking algorithm that was specifically
designed to incorporate experimental data at different stages of the simulation, to either guide the
search for correct structures or help evaluate the results, in order to combine the reliability of hard
data with the convenience of simulations. Herein, the applications of BiGGER are described by
illustrative applications divided in three Case Studies: (Case Study A) in which no specific contact
data is available; (Case Study B) when different experimental data (e.g., site-directed mutagenesis,
properties of the complex, NMR chemical shift perturbation mapping, electron tunneling) on one of
the partners is available; and (Case Study C) when experimental data are available for both interacting
surfaces, which are used during the search and/or evaluation stage of the docking. This algorithm has
been extensively used, evidencing its usefulness in a wide range of different biological research fields.

Keywords: protein-protein interactions; BiGGER; docking; electron transfer complexes; molecular
recognition; NMR

1. Introduction

Protein-protein recognition processes are crucial for a wide range of biological functions,
including gene transcription and translation, cell growth, cell differentiation, immune response, and
neurotransmission. Recent developments in array technology and high-throughput yeast two-hybrid
screens led to an increase in the list of known protein-protein associations [1–4] and to a growing
demand for understanding the structural features of these interfaces to help elucidate kinetic and
thermodynamic aspects of complex stabilization and what determines their specificity [5].

Moreover, the obvious importance of protein-protein interactions motivates the design of drugs
that can specifically inhibit interactions between relevant proteins [6,7], a task that is considerably
harder if the structure of the protein complex is unknown. Even though different strategies can help
mitigate this difficulty [8,9], this still leads to a growing demand for docking simulations that can take
advantage of all available data.
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Protein complexes can be classified depending on their binding affinity into high (Kd: nM–fM),
intermediate (Kd: µM–nM) or weak (Kd: mM–µM). Complexes with high and intermediate
affinities have long-lifetimes and can be considered static complexes. Examples of these
include protease-inhibitor, antigen-antibody, T-cell receptor-peptide-MHC and signal transduction
complexes [10,11]. Complexes with a weak affinity (e.g., electron transfer complexes) have short
lifetimes on the millisecond time-scale) and are called transient complexes. A short lifetime is important
for high turnover rates in redox proteins, often compromising the specificity of the interactions because,
though the affinity must be high enough to allow fast electron transfer, it cannot be so high that it
prevents the rapid dissociation of the products, which would lower the turnover of the electron transfer
chain, for instance [12].

The molecular structure of a protein-protein complex can be difficult to determine by either
X-ray crystallography or NMR spectroscopy, especially those with a transient nature. However,
molecular docking procedures can be used to obtain a model structure of the complex when the atomic
coordinates of the individual proteins are known.

In general, molecular docking involves two steps: global (local) search and scoring [13–19].
In the first stage, the proteins are usually treated as rigid bodies, and one of them is kept fixed
while the other is free to rotate and translate, searching the six-dimensional space for the candidate
complexes. These structures are evaluated by a simple scoring function, based mainly on shape
complementarity, in order to reduce the number of models to analyze. The second stage scores the
candidate models using several parameters, including statistics of residue-residue contacts across
interfaces of complexes [20,21], electrostatics, hydrogen bonding, change in accessible solvent area,
and lack of buried charges [13]. This scoring function is meant to indicate how well the candidate
model corresponds to the real complex.

This approach assumes there are no significant conformational changes upon binding [22].
However, small conformational changes, such as in lysines and arginines that are highly flexible [23],
must be accounted for, either during the search stage (“soft” docking) [24] or as an additional refinement
using molecular dynamics simulations [25–28].

Since this approach depends on the possibility of distinguishing correct models from the large
number of incorrect models generated, it is less successful with weak interactions. However,
experimental data can be used to filter false positives and improve the probability of finding the
correct complex, either by constraining the initial search, or as an additional scoring function in the
evaluation stage.

This paper will focus on the applications of the soft-docking algorithm BiGGER (Bimolecular
complex Generation with Global Evaluation and Ranking) [24], available at [29] with the Chemera
modeling application. We intend to illustrate how this program can be used depending on the
information that is available on the proteins complexes being modeled. A detailed description of the
BiGGER algorithm and possible sources of experimental restraints is provided in the next section, and
several case studies are presented grouped in three docking categories: Case A—Docking without any
specific experimental data on the interaction surface; Case B—Docking with data on the interaction
surface of only one protein or with other experimental data; and Case C—Docking with data on
the interaction surface of both proteins. The use of this docking program has been steadily cited
since 2000, and has reached in July 2016 a total of about 80 applications, described in 66 publications
(Figure S1). A list of most protein complexes predicted by BiGGER is reported in Table S1 with their
relative properties.

2. Methodology

BiGGER is designed to integrate as much information as available into the docking procedure.
Therefore, the search stage is implemented using constraint programming techniques [30] to efficiently
search an order of 1015 potential configurations resulting from the typical translation and rotation
steps of 1 Å and 15˝. As is generally the case with protein-protein docking algorithms, the main
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scoring parameter at this stage is surface contact area. However, BiGGER can additionally constrain
the search space in order to model information regarding potential contacts or distances between parts
of the proteins. These can come either from experimental data, as some examples in the Case Studies
section illustrate, or from other sources, such as assumptions regarding the interaction or even contact
predictions [31]. These constraints can range from distance limits between specific atoms to more
undefined restrictions such as a minimum number of unspecified contacts between sets of atoms or
residues. This versatility enables BiGGER to model a wide range of relevant data, from precise contacts
to ambiguous or noisy information, such as that obtained by techniques, like site-directed mutagenesis.

Additional data can also be used to improve the scoring stage, widely recognized as the most
difficult step in modeling protein interactions (see, e.g., [14] for a review on scoring methods), especially
with transient protein complexes, due to the interplay of many factors involved in protein orientation,
recognition and the dynamics of association and dissociation. Although the recent application of
machine learning yield promising results in the classification of candidate models [32], transient protein
complexes raise the additional problem of being under-represented in the data set of experimentally
determined structures, on which scoring functions can be trained and tested. This poses a significant
problem because transient complexes are a challenge from a modeling perspective, not only for
constituting the majority of the catalytic interactions but also for being the most difficult complexes
to determine experimentally and, thus, the category where computer simulations would be most
useful. BiGGER makes it easier to use experimental data to score and rank the models, thus improving
performance at this stage, whenever such data are available. Furthermore, pruning the search space
during the first stage also contributes to improving the results of the scoring stage by improving the
ratio of correct models to false positives.

These features stem from a fundamental difference between BiGGER and most protein docking
software, in that BiGGER was conceived as a tool to help researchers elucidate protein interactions
rather than as an automated predictor. BiGGER participated in round 2 of the Critical Assessment of
PRediction of Interactions (CAPRI) program [33,34]. As a blind docking predictor, BiGGER preformed
on the same level as most participants. None of 13 participating groups successfully predicted targets 4
and 5, BiGGER and other five predictors, out of 16, proposed good models for target 6 and, for
target 7. The best model provided by BiGGER had an interface rmsd of 2.33 Å, placing BiGGER
approximately half-way down the ranking of the 15 participants submitting predictions for this target,
using this measure. Despite its purpose being the integration of relevant information and helping in
the generation of hypotheses [35], blind docking benchmarking has always been an important part of
testing BiGGER, from the beginning up to recent innovations in the use of constraints for improving
docking results [36,37]. However, blind docking is neither a realistic application nor a very reliable
one, regardless of which software one uses. Rather than trusting a black-box predictor, in practice,
it is more useful and reliable to allow researchers as much freedom as possible to guide the docking
process and use its predictions to help formulate new hypotheses and conceive relevant experiments.
This is where BiGGER deviates from the majority of protein docking tools, placing a greater emphasis
on flexible integration of information and the analysis of patterns in the results instead of aiming for a
blind prediction of a specific model.

2.1. Search Stage

BiGGER is designed to take experimental data into account during the search stage by restricting
the search space to those configurations that respect some specified constraints. The algorithm is based
on a conceptualization of the docking process as a space of potential configurations that is pruned by
constraints. The most basic constraints are those that define the scope and goal of the search stage of
the docking simulation: prevent excessive overlap between the partners and maximize surface contact,
which is achieved by representing the shape of each molecule with two cubic-celled grids, one for
the core region of the molecule and one for its surface [24]. Figure 1 illustrates this representation
conceptually, although the actual implementation is encoded as sets of linear segments of contiguous
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grid cells to improve the efficiency of filtering the forbidden collisions of core regions and counting the
overlap of surface regions, which determines the surface contact score.Molecules 2016, 21, 1037 4 of 19 
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Figure 1. Docking grids. (A) Part of the core grid superimposed on the cartoon representation of the 
Annexin 24 monomer (PDB ID 1dk5) [38]; and in (B) is shown the surface cells. The surface contact is 
scored from the overlap of surface cells between the grid representations of both partners, while the 
overlap of core regions is not allowed. 
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evidence from site directed mutagenesis that mutations at ten residues of one partner interfere with 
the formation of the complex, it is not necessary to assume that all ten residues are at the interface.  
A reasonable constraint on the docking models could be that at least five of these ten residues be in 
contact with the other protein, thus accounting for the fact that mutations can interfere with complex 
formation through means other than by being at the interface. The residues in contact need not be 
specified, and any five would fulfill the constraint. 

In general, the application of BiGGER to real cases has relied on such constraints to restrict or 
validate the generated models, using data on the reaction centers [39], from NMR spectroscopy [40–42] 
or site-directed mutagenesis [43], as we will show in the case studies. 

Taking advantage of this capacity for including generic constraints, our current research includes 
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on potential contacts that can be extracted automatically and used to prune the configuration search 
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experimental data [31]. 
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a preference for the native conformation, which determines the surface grids, but prevents these  
side-chains from excluding correct models due to core-core overlaps (process illustrated in Figure 2). 

Figure 1. Docking grids. (A) Part of the core grid superimposed on the cartoon representation of the
Annexin 24 monomer (PDB ID 1dk5) [38]; and in (B) is shown the surface cells. The surface contact is
scored from the overlap of surface cells between the grid representations of both partners, while the
overlap of core regions is not allowed.

In addition to these fundamental constraints, information about the interaction can be included
in the search stage as additional constraints. These can take the form of specified intervals for the
placement of one partner relative to the other, distances between atoms, a minimum number of contacts
between groups of atoms in both partners or between a group of atoms in one partner and any atom in
the other partner [30]. In these latter cases, the contacts themselves do not need to be specified, so the
constraints implicitly account for any uncertainty in the data. For instance, if there is evidence from
site directed mutagenesis that mutations at ten residues of one partner interfere with the formation
of the complex, it is not necessary to assume that all ten residues are at the interface. A reasonable
constraint on the docking models could be that at least five of these ten residues be in contact with
the other protein, thus accounting for the fact that mutations can interfere with complex formation
through means other than by being at the interface. The residues in contact need not be specified, and
any five would fulfill the constraint.

In general, the application of BiGGER to real cases has relied on such constraints to restrict or
validate the generated models, using data on the reaction centers [39], from NMR spectroscopy [40–42]
or site-directed mutagenesis [43], as we will show in the case studies.

Taking advantage of this capacity for including generic constraints, our current research includes
integrating residue contact predictors based on homologous sequence analysis in BiGGER. Our results
show that, with adequate processing, multiple sequence alignments can provide information on
potential contacts that can be extracted automatically and used to prune the configuration search
space, thus reducing false positives, using the same algorithms BiGGER already uses for integrating
experimental data [31].

One fundamental problem with grid-based docking methods is the assumption that the docking
partners are perfectly rigid—with some tolerance for implicit mobility given by the size of the grid,
which removes structural details smaller than the grid step. Though this tends to be approximately
true for globular proteins, which usually retain the same overall shape when interacting, the exact
placement of side chains at the surface can interfere with the formation of the complex. To simulate,
implicitly, the mobility of these side-chains, which would change conformation to accommodate the
interface contacts, the more mobile exposed side-chains are removed from the core grids. This retains
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a preference for the native conformation, which determines the surface grids, but prevents these
side-chains from excluding correct models due to core-core overlaps (process illustrated in Figure 2).Molecules 2016, 21, 1037 5 of 19 
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of these residues in the PDB file. As an additional detail, note that the surface cells actually define an 
external shell of the protein shape. This is deliberate, so that the maximum overlap of surface cells 
from two grids corresponds to a realistic distance between the atoms from the two partners. 
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specified groups of atoms, symmetry for homodimers, electron transfer estimates (e.g., analysis of the 
electron tunneling using the software PATHWAYS of the high scored complexes, which is performed 
a posteriori [44,45]), or disordered regions that were identified as potential interacting sites [46,47]. This 
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stage is described in detail in the original reference and in the software documentation. 

A schematic representation of the global procedure that can be followed when using BiGGER is 
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Figure 2. Soft docking grid. Using Annexin 24 monomer (PDB ID 1dk5) [38] as an example, this figure
shows the core grid cells removed at the locations corresponding to the exposed side-chains of Asp27
and Lys30. Surface grid cells, represented in a darker color, still conform to the specific configuration
of these residues in the PDB file. As an additional detail, note that the surface cells actually define an
external shell of the protein shape. This is deliberate, so that the maximum overlap of surface cells
from two grids corresponds to a realistic distance between the atoms from the two partners.

2.2. Scoring Stage

The approach of integrating experimental data in the docking process also applies to the scoring
stage. In addition to scoring each model according to surface contact area, side-chains contact
likelihoods derived from known structures, solvation estimates and electrostatics (included in the
so called Global Score), BiGGER also includes the ability to score models according to parameters,
such as number of contacts between specified residues (information derived from NMR chemical shift
perturbation mapping, steady-state kinetics or mutagenesis data analysis), minimum distances between
specified groups of atoms, symmetry for homodimers, electron transfer estimates (e.g., analysis of the
electron tunneling using the software PATHWAYS of the high scored complexes, which is performed
a posteriori [44,45]), or disordered regions that were identified as potential interacting sites [46,47]. This
makes it easy to score and rank the candidate models with relevant empirical data, or to include any
additional scoring criteria that may be relevant for the particular complex being modeled. The scoring
stage is described in detail in the original reference and in the software documentation.

A schematic representation of the global procedure that can be followed when using BiGGER is
represented in the flow chart of Figure 3.
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3. Data Analysis 

The standard way of evaluating specific aspects of docking algorithms is to use a benchmark of 
known complexes and assess the success rate of a standardized application of the docking algorithm to 
the benchmark set. This was also our approach at several stages of the development of BiGGER. For 
example, for the first evaluation of the algorithm [24]; for performance improvements and assessment 
[30]; for the application of constraints to restrict the search space [31]. However, the uniform application 
of a docking algorithm does not accurately capture the way docking is used in practice, especially in 
the case of BiGGER, whose main goal is to improve the integration of all available data. Since in real 
applications each complex to model is associated with a unique set of data about the interaction, a 
more realistic assessment of the usefulness of a docking algorithm is its actual use in real-life 
applications. As this manuscript focuses on BiGGER as a tool to integrate available data with docking 
predictions, rather than focusing on any particular aspect of the implementation, we opt to rest the 
claim to the usefulness of our approach on the set of published papers reporting applications of BiGGER 
to modeling protein complexes. Although not strictly a docking benchmark, a set of 80 applications to 
real problems published by several independent groups is a good data set on which to ground claims 
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Figure 3. BiGGER Docking Process. Diagram explaining the approach used in molecular docking
simulations using BiGGER. The atomic coordinates of the free proteins are entered into the protein
docking algorithm [24]. Initial ab initio calculations by BiGGER produce 107 to 109 complexes, which
are filtered and scored according to BiGGER Scoring function and 1000 putative docked positions
are retained. These complexes are then scored and ranked using experimental restraints (e.g., NMR
chemical shift perturbation). The highest ranked complexes are analyzed and a model structure for the
complex is obtained. Adapted from Morelli, et al. [48].

3. Data Analysis

The standard way of evaluating specific aspects of docking algorithms is to use a benchmark of
known complexes and assess the success rate of a standardized application of the docking algorithm to
the benchmark set. This was also our approach at several stages of the development of BiGGER.
For example, for the first evaluation of the algorithm [24]; for performance improvements and
assessment [30]; for the application of constraints to restrict the search space [31]. However, the
uniform application of a docking algorithm does not accurately capture the way docking is used
in practice, especially in the case of BiGGER, whose main goal is to improve the integration of all
available data. Since in real applications each complex to model is associated with a unique set of data
about the interaction, a more realistic assessment of the usefulness of a docking algorithm is its actual
use in real-life applications. As this manuscript focuses on BiGGER as a tool to integrate available
data with docking predictions, rather than focusing on any particular aspect of the implementation,
we opt to rest the claim to the usefulness of our approach on the set of published papers reporting
applications of BiGGER to modeling protein complexes. Although not strictly a docking benchmark, a
set of 80 applications to real problems published by several independent groups is a good data set
on which to ground claims to the usefulness of a docking algorithm. Given the diversity of data that
can be relevant for protein docking, this may even be a better benchmark than a default and uniform
application of the algorithm to sets of known complexes.

The next subsections show some examples of filters that BiGGER can use.

3.1. Properties of the Complex

The character of the complex can be derived from how the affinity between the two proteins
varies with ionic strength using techniques such as isothermal titration microcalorimetry (ITC), Förster
resonance energy transfer (FRET), or kinetic assays.
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In general, the decrease in the affinity or activity with increasing ionic strength indicates an
electrostatic complex [49–52], while in a hydrophobic complex, the affinity either increases or is not
affected at high ionic strength values [53,54]. The knowledge of this property can be used to rank the
solutions obtained by BiGGER algorithm by the Hydrophobic or Electrostatic Score, instead of the
usual Global Score.

3.2. Important Residues in Complex Formation

The residues identified by site-directed mutagenesis or by NMR spectroscopy (2D
titrations—chemical shift perturbation mapping) as important for complex formation and/or involved
in the interacting surface can be used to either constraint the docking during the search stage or filter
the solutions obtained at the evaluation stage of the docking. In the latter case, residues in either
the target or the probe that take part in the interface will be considered when ranking the putative
solutions, using the shorter distance between those important residues and the partner as a criterion;
in the former case, they will be used during the calculation to limit the three-dimensional search,
as explained above [40,55–58] (see Table S1).

In the case of electron transfer complexes, residues that are known to play a crucial role in
electron transfer can be used to rank solutions or discard putative complexes, wherein those residues
are not placed in the electron transfer pathway (for instance, residues identified using the program
PATHWAYS, an analysis that is performed after the docking on the high scored complexes) [44,45].

3.3. Distance between Redox Centers

Electron tunneling time scales must be in the millisecond to microsecond range for biological redox
machines to function properly. Several theoretical and experimental data show that the maximum
center-to-center distance for a fast single-step tunneling through proteins cannot be larger than
20 Å [59,60]. Therefore, in the case of electron transfer complexes, the top solutions can be selected by
choosing only the complexes that present appropriate distances between the electron transfer cofactors
(distance shorter than 20 Å).

4. Case Studies

This section reports several case studies to illustrate how BiGGER has been used to model
protein complexes with limited available experimental data on the protein complex (Case Study A);
with experimental data on the interacting surface of the probe (Case Study B) or on both the probe and
the target (Case Study C).

4.1. Case A—Docking without or Little Filtering

The Electron Transfer Complex between Aldehyde Oxido-Reductase (AOR) and flavodoxin,
a transient complex, was modeled using BiGGER to test the hypothesis that this complex mimics
the domains/subunits arrangement of other similar proteins [49]. This case study can be regarded
as a limit situation to the application of this docking algorithm. The 3D structures of the proteins
that belong to the Xanthine Oxidase family show different solutions for the problem of transferring
electrons between the flavin adenine nucleotide (FAD) group and the molybdenum site, where the
substrate is handled. In Xanthine Oxidase, four redox centers are present in a single polypeptide chain.
The intra-molecular electron transfer is promoted from the Mo site to the two [Fe-S] centers and on to
FAD, where it is transferred to an electron acceptor/donor component.

In other proteins from this molybdenum family, the cofactors have a similar organization but
are distributed within different subunits (Figure 4), as can be observed by comparing the structures
of Xanthine Oxidase (XO) [61] (Figure 4A), CO-Dehydrogenase (COD) [62] (Figure 4B), Xanthine
Dehydrogenase (XDH) [63], AOR [64–66] and 4-Hydroxylbenzoyl-CoA Reductase (4-HBCR) [67,68].
For instance, the [Fe-S] centers, FAD and the Mo-pterin cofactors of COD are bound to three different
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polypeptide chains and the enzyme exists as a stable complex of three different subunits (α, β, and γ)
(Figure 4B).Molecules 2016, 21, 1037 8 of 19 
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Oxido-Reductase; (C) Structure of the highest ranking model and the placement of the FMN group in the 
10 top ranking models; (D) A close up on the redox centers. In all the panels the [Fe-S] binding domain is 
represented in green, the Mo-binding domain in cyan and the FMN or FAD binding domains in 
orange. Figure prepared using UCSF Chimera [69]. 
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Figure 4. Modeling AoR-Flavodoxin complex. Cofactor arrangement on Xanthine Oxidase (A); CO
dehydrogenase (B) and Aldehyde Oxido-Reductase (C,D), with each domain or subunit colored
accordingly. Panels (C) and (D) depict the result for the docking of D. gigas Flavodoxin to Aldehyde
Oxido-Reductase; (C) Structure of the highest ranking model and the placement of the FMN group in
the 10 top ranking models; (D) A close up on the redox centers. In all the panels the [Fe-S] binding
domain is represented in green, the Mo-binding domain in cyan and the FMN or FAD binding domains
in orange. Figure prepared using UCSF Chimera [69].

In the case of AOR, the Mo-pterin cofactor and the two [Fe-S] centers are present within a single
polypeptide chain and no flavin component has been detected [70]. However, an electron flow deriving
from aldehyde oxidation was demonstrated in vivo, involving the Mo active center, the [Fe-S] centers,
and a flavin component (an FMN group of flavodoxin). This process was shown to be essential for
the continuity of the intermolecular electron transfer to cytochrome c3 and onwards to Hydrogenase,
yielding a final net production of hydrogen [70] (an example with hydrogenase will be presented
in Case B, Example 2). Since, this electron transfer pathway involves 11 discrete redox centers, the
complex between AOR and flavodoxin must not only be essential, but also resemble the “entire” redox
assembly depicted by Xanthine Oxidase and its family members [49].

In order to model this protein complex, BiGGER was used without any additional altering or
constraints. The authors used the available X-ray structure of Desulfovibrio (D.) gigas AOR (PDB ID
1HLR) [65,66] and the homology models for both D. gigas and D. salexigens flavodoxins, obtained using
the 3D structure of D. vulgaris flavodoxin (PDB ID 1FX1) [71] as template, in two separate docking
studies (at the time its tridimensional structure was not known, PDB ID 4HEQ [72]). Solutions were
ranked according to the electrostatic energy minimization score, and model structures were identified
and validated by comparison with other known structures of the enzymes from the XO family. These
different dockings helped validate the docking of D. gigas AOR with flavodoxin (Figure 4C,D).

The final outcome predicted that both flavodoxins interact with AOR near the more exposed
[Fe-S] center in a configuration that resembles the structural arrangement of XO and the homologous
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[Fe-S] in the single polypeptide chain (Figure 4C,D). Moreover, the modeled complexes replicate
the structural arrangements and architecture of redox sites of not only XO, but also of COD and
4-HBCR [49] (Figure 4).

We believe this is a good example for the versatile solutions found by Nature in the construction of
complex electron transfer chains and another exploratory method for the use of the BiGGER algorithm
in situations where no constraints can be imposed a priori.

4.2. Case B—Solutions Filtered by Experimental Data

A summary of cases in which BiGGER was used in conjunction with experimental data can be
found in Table S1 of the Supplementary Materials. One example was the modeling of Nitrous Oxide
Reductase (N2OR). This enzyme catalyzes the last step of the denitrification pathway, the reduction of
nitrous oxide to molecular dinitrogen, which provides an electron sink for some bacterial species to
grow under anaerobic conditions [73,74]. N2OR has two multi-copper centers located in two different
structural domains: a binuclear electron transfer center, CuA center, and a tetranuclear copper center,
CuZ center, the catalytic site. The large distance between CuA and CuZ centers within the same
monomer imposes a dimeric conformation on the enzyme, which is thus a functional homodimer, in
which the two subunits are oriented “head to tail”, bringing CuA and CuZ centers to approximately
10 Å, an appropriate distance for an efficient electron transfer (Figure 5A).
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respective physiological electron donor(s) (PDB IDs 1CNO, 1COT and 3ERX, and 1BQR, respectively). 
Ionic strength dependence of the mediated nitrous oxide reduction was the experimental data source 
used at the scoring stage. In the case of Marinobacter hydrocarbonoclasticus, cytochrome c552 [79] (Figure 5B) 

Figure 5. Electron transfer complex between Nitrous Oxide Reductase and cytochrome c552 from
Marinobacter hydrocarbonoclasticus. Panels (A) and (B) depict the backbone structure of Marinobacter
hydrocarbonoclasticus N2OR and cytochrome c552, respectively. Metal centers (CuA and CuZ center
for N2OR and heme for cytochrome c552) are represented in red; Panel (C) 200 top docking solutions
ranked by hydrophobic score of N2OR—cytochrome c552 electron transfer complex. The iron atom in
the heme of each cytochrome c552 putative docking position is represented as a red sphere; Panel (D)
A top model structure for the electron transfer complex obtained by BiGGER is represented (probe 2,
Table S1 [54]). N2OR is colored cyan and cytochrome c552 is colored green. Figure prepared using
UCSF Chimera [69].

The study presented in [75] used BiGGER to obtain model structures of the electron transfer
complexes between nitrous oxide reductase from Marinobacter hydrocarbonoclasticus (PDB ID 1QNI) [76],
Paracoccus denitrificans (PDB ID 1FWX) [77], Achromobacter cycloclastes (PDB ID 2IWF) [78], and their
respective physiological electron donor(s) (PDB IDs 1CNO, 1COT and 3ERX, and 1BQR, respectively).
Ionic strength dependence of the mediated nitrous oxide reduction was the experimental data source
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used at the scoring stage. In the case of Marinobacter hydrocarbonoclasticus, cytochrome c552 [79]
(Figure 5B) is the physiological electron donor and the interaction between the two proteins is mainly
hydrophobic [54], while electron transfer complexes involving N2OR from other bacterial sources have
an electrostatic character.

In the former particular case, the docking results agreed well with the experimental data, as for
Marinobacter hydrocarbonoclasticus N2OR, a high number of solutions with appropriate orientation
and distance between cofactors for electron transfer (below 20 Å) was found just by ranking the
docking solution using the Hydrophobic Score [54,75] (Figure 5C,D). On the other hand, Paracoccus
denitrificans cytochrome c550 shows strong “affinity” towards the CuA surface area of N2OR in both
hydrophobic and electrostatic rankings. A similar result was obtained with Paracoccus pantotrophus
and Achromobacter cycloclastes pseudoazurins and the enzyme of the same organism, even if this small
electron carrier shows a lower number of putative complexes due to the smaller surface interacting
with N2OR, when compared to that of the c-type cytochromes studied [75].

In fact, it has been proposed that both electrostatic and hydrophobic interactions play an important
role in the formation of electron transfer complexes [80–82], as long-range recognition is mainly driven
by electrostatic forces to form the encounter complexes, and hydrophobic interactions fine-tune the
formation of the electron transfer complex.

The second example is the electron transfer complex between cytochrome c553 and Fe-Hydrogenase,
in which models were filtered using NMR Data. Molecular hydrogen plays a central role in the
metabolic activity of several sulfate-reducing bacteria, in particular in Desulfovibrio sp., where it can
be used as a source of electrons and energy [83,84]. Hydrogenase catalyzes both the splitting and
the formation of the hydrogen molecule [85,86]. The structure of D. desulfuricans Hydrogenase, an
iron-sulfur enzyme (PDB ID 1HFE) [87], shows the presence of two subunits of 42 kDa and 10 kDa,
respectively. The large subunit has a ferredoxin-like domain with two [4Fe-4S] clusters (one of which
located close to the negatively-charged protein surface) and a second domain with a single [4Fe-4S]
cluster bridged to the active site, which is constituted by a binuclear iron center, named H cluster,
buried within the protein core (Figure 6A) [87].
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monohemic cytochrome c553 (Figure 6B), a periplasmic, low potential cytochrome c analogue to the 
mitochondrial cytochrome c [89]. In this case, the NMR restrained docking approach was useful to 
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Figure 6. Electron transfer complex between Hydrogenase and cytochrome c553 from D. desulfuricans.
Panels (A) and (B) depict the backbone structure of Hydrogenase and cytochrome c553, respectively.
Metal cofactors ([4Fe-4S] clusters and binuclear iron H cluster for Hydrogenase and c-type heme for
cytochrome c553) are represented in red. Grey colored residues in cytochrome c553 are the most affected
in a 1H-15N HSQC NMR titration, and are clearly marked on the picture Panel (C) Top model structure
for the electron transfer complex obtained combining NMR and soft-docking (PDB ID 1E08) [40].
Hydrogenase surface is colored cyan, while cytochrome c553 surface is colored green. Figure prepared
using UCSF Chimera [69].

Based on a kinetic study [88], the electron donor of Fe-Hydrogenase was proposed to be the
monohemic cytochrome c553 (Figure 6B), a periplasmic, low potential cytochrome c analogue to the
mitochondrial cytochrome c [89]. In this case, the NMR restrained docking approach was useful to
filter docking solutions [40]. In a typical procedure, the small electron carrier protein, cytochrome
c553 (PDB ID 1DVH) [90], was isotopically labeled with 15N and changes in the 1H-15N TROSY HSQC
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spectrum [91] of cytochrome c553 were followed during the course of a titration. Upon complex
formation, it was possible to identify residues that are involved in the complex interface (Chemical
Shift Perturbation Mapping) [92]. In particular, eight HN groups of the residues affected by complex
formation have been used to filter the docking solutions. The remaining solutions were ranked
according to the level of agreement with the NMR constraints. Of the top 50 solutions, 10 models
exhibit a heme/H cluster distance smaller than 20 Å.

The energy-minimized calculation of the 10 resulting solutions allowed the authors to choose
one of the model complexes as the best representative structure of the complex (Figure 6C). This
solution (Fam1 solution 3) [40], which has a short heme/H cluster distance (12.3 Å), obeys 5 of the
NMR constraints, and residues K63 and Y64 are present at the interface. These residues are essential
for electron transfer, as indicated by site-directed mutagenesis [93].

4.3. Case C—Information on the Interacting Surface from Both Partners

There are several reports in the literature in which the docking solutions are filtered using
experimental information on both interacting surfaces. One such case is the interaction between
cytochrome c3 and rubredoxin from D. gigas [94]. The former is a conserved tetrahemic c-type
cytochrome present in the periplasm of sulfate reducing bacteria (Figure 7A), involved in the
hydrogen metabolism and electron transfer processes to periplasmic and membrane-bound multi-heme
cytochromes in metabolic pathways that ultimately generate ATP [95]. Rubredoxin is a small (5.7 kDa)
metalloprotein containing a FeS4 center, present in the cytoplasm of different types of anaerobic and
aerobic bacteria (Figure 7B); among several proposed interactions, D. gigas rubredoxin is thought to
transfer electrons to enzymes involved in oxygen detoxification pathways: superoxide reductase and
rubredoxin:oxygen oxidoreductase, in order to regenerate their catalytic metal centers after superoxide
or oxygen reduction, respectively [96].
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Figure 7. Electron transfer complex between cytochrome c3 and rubredoxin from D. gigas. Panels (A)
and (B) depict the backbone structure of the cytochrome c3 and rubredoxin, respectively. Metal centers
(c-type heme for cytochrome c3 and Fe for rubredoxin) are represented in red. Rubredoxin residues
whose NH resonances are most affected in a 1H-15N HSQC NMR titration are shown in light grey;
Panel (C) The top 200 docking solutions ranked by electrostatic energy minimization score of the
cytochrome c3—rubredoxin electron transfer complex. The iron atom of each rubredoxin putative
docking position is represented as a red sphere; Panel (D) Top model structure for the electron transfer
complex obtained by BiGGER is represented. Cytochrome c3 is colored cyan and rubredoxin is colored
dark red. Figures prepared using UCSF Chimera [69].
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Both proteins present characteristic NMR paramagnetic effects: the presence of four low-spin
heme groups in cytochrome c3 induces contact and pseudo-contact shifts on heme methyls that generate
chemical shifts in 1H NMR spectra that lie on the so-called “paramagnetic region” (10–35 ppm). These
well-resolved resonances can serve as region-specific probes that help identify interaction surfaces.

Likewise, the presence of a high-spin Fe3+ in rubredoxin’s metal center induces a series of
paramagnetic effects in NMR spectra, the most significant of which consisting of Paramagnetic
Relaxation Enhancements (PREs) brought upon by its five unpaired electrons creating a “blind
zone” around the Fe ion with a well-known distance dependence (see ref. [97] for more information).
However, rubredoxin presents another significant advantage: its metal center can easily be replaced
with Zn2+ (among other metals) which is of special importance for NMR, as Zn2+ is diamagnetic,
which in turn allows the observation of resonances close to the metal center.

Although cytochrome c3 and rubredoxin do not interact in vivo due to their localization in
different cellular compartments, they can still serve as probes for the interaction between heme
proteins and [Fe-S] cluster-containing proteins. BiGGER was used in this case as a validation and
prediction tool in order to characterize the most likely complex geometry according to NMR-derived
experimental data. Thus, upon acquisition and analysis of 2D NMR [1H-15N HSQC] titration spectra,
it was possible to identify the regions involved in the interaction by chemical shift perturbation
mapping. Residues near the metal center of Zn-substituted rubredoxin (T7, V8, C9, Y11, V41 and
C42) were found to suffer the largest perturbations [94]. Concomitantly, the most exposed methyl
resonances belonging to heme IV suffered specific and distinct line width broadenings ascribed to
the proximity of rubredoxin’s high-spin Fe3+ iron-sulfur cluster (not observed in a titration using
Zn-rubredoxin).

These sets of data were then used as ab initio constraints in the docking calculations using BiGGER.
The Fe ion of rubredoxin was placed at a distance shorter than 4 Å from heme IV’s methyls M2 and M18
of cytochrome c3 (Figure 7A,D). In addition, by calculating the line width broadening ratio and using
the relevant Solomon-Bloembergen-Morgan equations, the authors established that the rubredoxin
Fe-cytochrome c3 M18 distance should be 1.3 times larger than the one between rubredoxin Fe and
cytochrome c3 M2 (Figure 7D). BiGGER was successful in generating models for the electron transfer
complexes that could verify all the constraints imposed a priori. For the cytochrome c3:rubredoxin
complex, the model that was obtained places the Fe atom of rubredoxin within 5 Å of the exposed
heme IV methyls, consistent with the observed PRE effects (Figure 7D). The residues predicted to
be at the complex interface are also consistent with those whose chemical shift suffered the largest
perturbations in the NMR titration experiments.

The same approach was used to characterize the complex between pseudoazurin (PAz) and
copper-containing Nitrite Reductase (NiR) from Alcaligenes faecalis S-6 [41]. PAz is 14 kDa protein
containing a type 1 copper center, and is responsible for shuttling electrons to NiR’s active site.
The latter protein is a 110 kDa homotrimer, containing 6 copper atoms, and is the enzyme responsible
for an important step in the denitrification pathway, the reduction of nitrite to nitric oxide [74].
The active sites (three per protein) comprise one copper atom in a type 2 Cu center, while the
remaining copper atoms are buried within the protein’s core in a type 1 geometry. Enzymatic assays of
several site-directed mutants have established that exchanging four of the thirteen lysine residues of
pseudoazurin (K10, K38, K57 and K77) into either alanine or aspartate led to a decrease in binding
affinity, but without concomitant decrease in the reaction rate [98,99].

In the NiR-pseudoazurin interaction, Paz residues K109, H81, H40, A15, M84, I110, M16, Y82,
A83, K10, K107, R114 and V17 were described as suffering the largest chemical shift perturbations in a
NMR titration [41]. In this case, during the docking calculation, the constraint was set so that 8 of the
13 most-perturbed pseudoazurin residues would be in contact with any surface residue of NiR. In a
similar way to Example 1, the distance between the copper atoms of pseudoazurin and the NiR type 1
copper atom was determined to be 14 Å, which is within the limit for direct electron transfer between
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the metal centers. Furthermore, residues (both charged and uncharged) having the greatest chemical
shifts variations in the NMR titration were placed at the complex interface in the top docking models.

5. Discussion and Final Remarks

Protein-protein complexes have an essential role in many metabolic pathways and discovering
their structure is an important step in the development of strategies to interfere with protein
interactions. However, determining the structure of protein-protein complexes remains a difficult task,
especially if the complex or the individual proteins are not very stable and the short life-time of the
complex does not allow co-crystallization. This is most often the case for complexes associated with
high turn-over processes, such as electron transfer. While molecular docking is generally a useful and
inexpensive complement to studying protein interactions, in these cases it becomes a crucial part in
inferring plausible structures from limited data.

In general, protein docking algorithms aim to predict the structure of a complex from the structure
of the partners with the assumption that there is one correct structure for the complex, as seems
to be the case for proteins that co-crystallize in stable configurations. BiGGER differs from most
docking software in both its goal and some fundamental assumptions. BiGGER does not assume that
the interaction results in a single, stable complex, and thus includes visualization and computation
tools, such as clustering, to help analyze families of models that may represent more dynamic and
labile complexes. Furthermore, the main goal of BiGGER is to help integrate relevant data, by
either restricting the search space or screening candidate structures, in order to test more general
hypotheses regarding the interaction other than one presumed unique structure, such as preferred
binding sites, active prosthetic groups, stoichiometry and so forth. Because of this approach, BiGGER
is not fine-tuned towards stable complexes, such as those that co-crystallize and for which it is
possible to compare the predicted complex with a unique structure. As a result, BiGGER trades some
accuracy, relative to other popular docking algorithms and automated servers, when it is used to
predict stable complexes using only the structures of the partners. In return, BiGGER provides a more
flexible framework for dealing with transient complexes for which no single structure may be fully
representative of the interaction or when additional information is available, such as site-directed
mutagenesis or spectroscopic data.

Of the popular docking algorithms, HADDOCK (envisaged by Alexandre Bonvin and
co-workers) [27,100,101] is perhaps the most similar to BiGGER in that it is also designed to use
experimental data to guide predictions and help evaluate families of potential candidates. However,
HADDOCK is mostly used with NMR data, which may be either an advantage or disadvantage
depending on the available data. Furthermore, HADDOCK requires these data for the definition of
ambiguous interaction restraints (AIRs) that can drive the prediction, whereas in BiGGER additional
data is optional.

Finally, BiGGER is meant to be easily available, with a low computation cost, and thus does not
include model refinement stages for more precise predictions, nor does it automate the search through
different conformations of the interacting partners. This is generally not a problem when modeling
weak interactions between globular proteins, where the atomic resolution of the models may not be
meaningful and conformational change is negligible, but may be a drawback when modeling stronger
complexes between flexible partners.

Some authors have used in their work both BiGGER and HADDOCK. Although their mode of
operation is slightly different, they have found that the algorithms calculated very similar results from
the same initial data [102,103]. In both cases, complex orientation was refined with NMR chemical shift
perturbation mapping data [ab initio in HADDOCK, and as a model filtered in BiGGER]. One other
interesting case where both algorithms were used can be found in [104], wherein the authors used
BiGGER (along with ClusPro) on an initial stage in order to create interaction restraints to be used
in HADDOCK.
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The results available, especially from test cases in real applications, show that BiGGER can provide
useful interaction information by integrating a variety of experimental data from different sources,
either during the search or the evaluation stages after running the algorithm. The evaluation and
validation of the structural model of the protein complex is the most important stage, and it should be
performed with care, using all the experimental data available. To this end, BiGGER allows the use of
different types of filters to restrain the solutions, such as the properties of the encounter complex (i.e.,
hydrophobic or electrostatic character), identification of important residues in complex formation and
the distance between redox centers (if present).

The case studies presented included examples with limited experimental data or with
experimental data on one or both interacting surfaces to show how BIGGER can be used to integrate
any available information at different stages of the docking simulations, either as constraints that
can guide the predictions or as scoring functions to validate the candidate models. Even when no
experimental information is available (Case study A), the docking program can help design mutants
or develop other strategies to better understand the protein complex by providing well defined
hypotheses regarding the domains involved at the interface.

BiGGER has also an important role in the validation and corroboration of experimental evidence
regarding a protein-protein interaction (Case studies B and C). In this case, the algorithm prediction
helps make use of the experimental data by finding the structures that are consistent with the
information available. In addition, we would like to point out that the final model complex(es)
can be energy minimized, which can be performed using software such as UCSF Chimera [69], in order
to remove side-chain clashes created by the docking procedure.

These results give an overview of the protein-protein algorithm BIGGER, which has been
extensively used by biochemical and biological community since the year 2000, as shown by the
different case studies that illustrate the potentiality of the algorithm in both prediction and validation
of a protein-protein complex. Moreover, the case studies give detailed examples of the procedure for
protein docking and the analysis of the results, providing a helpful guide for non-specialist users.

Supplementary Materials: Supplementary materials can be accessed at: http://www.mdpi.com/1420-3049/21/
8/1037/s1.

Acknowledgments: The authors would like to thank Nuno Palma who was involved in the earlier versions of
BiGGER, developing the idea and the algorithm. This work has been supported by Portuguese National funds
through Fundação para a Ciência e Tecnologia (FCT) under the project PTDC/EIA-CCO/115999/2009 (LK),
PTDC/BIAPRO/098882/2008 (S.R.P.), PTDC/BIA-PRO/109796/2009 (S.R.P.), PTDC/QUI-BIQ/116481/2010
(R.M.A., S.D., S.R.P.), FCT-ANR/BBB-BQB/0023/2012 (S.R.P.). R.M.A. wishes to thank FCT for the post-doctoral
fellowship grant SFRH/BPD/80293/2011. S.R.P. is an IF Fellow funded by FCT. This work was also supported
by the Unidade de Ciências Biomoleculares Aplicadas-UCIBIO, which is financed by national funds from
FCT/MEC (UID/Multi/04378/2013) and co-financed by the ERDF under the PT2020 Partnership Agreement
(POCI-01-0145-FEDER-007728).

Author Contributions: R.M.A., and S.D. conducted and analyzed some of the experimental data that is presented.
L.K. has designed the program BiGGER. J.J.G.M., and S.R.P. have conceived and designed the experiments, and
analyzed the data. All authors have contributed to the writing of the manuscript.

Conflicts of Interest: The authors declare no conflict of interest. The funding sponsors had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, and in the
decision to publish the results.

References

1. Michaud, G.A.; Snyder, M. Proteomic approaches for the global analysis of proteins. Biotechniques 2002, 33,
1308–1316. [PubMed]

2. Schwikowski, B.; Uetz, P.; Fields, S. A network of protein-protein interactions in yeast. Nat. Biotechnol. 2000,
18, 1257–1261. [CrossRef] [PubMed]

3. Cagney, G.; Uetz, P.; Fields, S. High-throughput screening for protein-protein interactions using two-hybrid
assay. Methods Enzymol. 2000, 328, 3–14. [PubMed]

4. Uetz, P. Two-hybrid arrays. Curr. Opin. Chem. Biol. 2002, 6, 57–62. [CrossRef]

http://www.ncbi.nlm.nih.gov/pubmed/12503317
http://dx.doi.org/10.1038/82360
http://www.ncbi.nlm.nih.gov/pubmed/11101803
http://www.ncbi.nlm.nih.gov/pubmed/11075334
http://dx.doi.org/10.1016/S1367-5931(01)00288-5


Molecules 2016, 21, 1037 15 of 19

5. Sowmya, G.; Ranganathan, S. Protein-protein interactions and prediction: A comprehensive overview.
Protein Pept. Lett. 2013, 21, 779–789. [CrossRef]

6. Cochran, A.G. Antagonists of protein-protein interactions. Chem. Biol. 2000, 7, R85–R94. [CrossRef]
7. Wilson, A.J. Inhibition of protein-protein interactions using designed molecules. Chem. Soc. Rev. 2009, 38,

3289–3300. [CrossRef] [PubMed]
8. Higueruelo, A.P.; Jubb, H.; Blundell, T.L. Protein-protein interactions as druggable targets: Recent

technological advances. Curr. Opin. Pharmacol. 2013, 13, 791–796. [CrossRef] [PubMed]
9. Fletcher, S.; Hamilton, A.D. Protein surface recognition and proteomimetics: Mimics of protein surface

structure and function. Curr. Opin. Chem. Biol. 2005, 9, 632–638. [CrossRef] [PubMed]
10. Janin, J. Principles of protein-protein recognition from structure to thermodynamics. Biochimie 1995, 77,

497–505. [CrossRef]
11. Lo Conte, L.; Chothia, C.; Janin, J. The atomic structure of protein-protein recognition sites. J. Mol. Biol. 1999,

285, 2177–2198. [CrossRef] [PubMed]
12. Bendall, D.S. Interprotein electron transfer. In Protein Electron Transfer; Bendall, D.S., Ed.; BIOS Scientific

Publishers Ltd.: Oxford, UK, 1996; pp. 43–68.
13. Smith, G.R.; Sternberg, M.J. Prediction of protein-protein interactions by docking methods. Curr. Opin.

Struct. Biol. 2002, 12, 28–35. [CrossRef]
14. Halperin, I.; Ma, B.; Wolfson, H.; Nussinov, R. Principles of docking: An overview of search algorithms and

a guide to scoring functions. Proteins 2002, 47, 409–443. [CrossRef] [PubMed]
15. Moal, I.H.; Moretti, R.; Baker, D.; Fernandez-Recio, J. Scoring functions for protein-protein interactions.

Curr. Opin. Struct. Biol. 2013, 23, 862–867. [CrossRef] [PubMed]
16. Moreira, I.S.; Fernandes, P.A.; Ramos, M.J. Protein-protein docking dealing with the unknown.

J. Comput. Chem. 2010, 31, 317–342. [CrossRef] [PubMed]
17. Huang, S.Y. Search strategies and evaluation in protein-protein docking: Principles, advances and challenges.

Drug Discov. Today 2014, 19, 1081–1096. [CrossRef] [PubMed]
18. Vakser, I.A. Protein-protein docking: From interaction to interactome. Biophys. J. 2014, 107, 1785–1793.

[CrossRef] [PubMed]
19. Huang, S.Y. Exploring the potential of global protein-protein docking: An overview and critical assessment

of current programs for automatic ab initio docking. Drug Discov. Today 2015, 20, 969–977. [CrossRef]
[PubMed]

20. Ofran, Y.; Rost, B. Analysing six types of protein-protein interfaces. J. Mol. Biol. 2003, 325, 377–387. [CrossRef]
21. Nooren, I.M.; Thornton, J.M. Structural characterisation and functional significance of transient

protein-protein interactions. J. Mol. Biol. 2003, 325, 991–1018. [CrossRef]
22. Guiles, R.D.; Sarma, S.; DiGate, R.J.; Banville, D.; Basus, V.J.; Kuntz, I.D.; Waskell, L. Pseudocontact shifts

used in the restraint of the solution structures of electron transfer complexes. Nat. Struct. Biol. 1996, 3,
333–339. [CrossRef] [PubMed]

23. Camacho, C.J.; Kimura, S.R.; DeLisi, C.; Vajda, S. Kinetics of desolvation-mediated protein-protein binding.
Biophys. J. 2000, 78, 1094–1105. [CrossRef]

24. Palma, P.N.; Krippahl, L.; Wampler, J.E.; Moura, J.J. Bigger: A new (soft) docking algorithm for predicting
protein interactions. Proteins 2000, 39, 372–384. [CrossRef]

25. Victor, B.L.; Vicente, J.B.; Rodrigues, R.; Oliveira, S.; Rodrigues-Pousada, C.; Frazao, C.; Gomes, C.M.;
Teixeira, M.; Soares, C.M. Docking and electron transfer studies between rubredoxin and rubredoxin:
Oxygen oxidoreductase. J. Biol. Inorg. Chem. 2003, 8, 475–488. [PubMed]

26. Cunha, C.A.; Romao, M.J.; Sadeghi, S.J.; Valetti, F.; Gilardi, G.; Soares, C.M. Effects of protein-protein
interactions on electron transfer: Docking and electron transfer calculations for complexes between
flavodoxin and c-type cytochromes. J. Biol. Inorg. Chem. 1999, 4, 360–374. [PubMed]

27. De Vries, S.J.; van Dijk, M.; Bonvin, A.M. The haddock web server for data-driven biomolecular docking.
Nat. Protoc. 2010, 5, 883–897. [CrossRef] [PubMed]

28. Park, H.; Lee, H.S.; Kim, S.J. Virtual screening with docking simulations and biochemical evaluation of vhy
phosphatase inhibitors. Chem. Pharm. Bull. (Tokyo) 2015, 63, 807–811. [CrossRef] [PubMed]

29. BiGGER. Available online: http://centria.di.fct.unl.pt/~ludi/chemera/index.html (accessed on 10 June 2016).
30. Krippahl, L.; Barahona, P. Applying constraint programming to rigid body protein docking. Lect. Notes

Comput. Sci. 2005, 3709, 373–387.

http://dx.doi.org/10.2174/09298665113209990056
http://dx.doi.org/10.1016/S1074-5521(00)00106-X
http://dx.doi.org/10.1039/b807197g
http://www.ncbi.nlm.nih.gov/pubmed/20449049
http://dx.doi.org/10.1016/j.coph.2013.05.009
http://www.ncbi.nlm.nih.gov/pubmed/23735579
http://dx.doi.org/10.1016/j.cbpa.2005.10.006
http://www.ncbi.nlm.nih.gov/pubmed/16242379
http://dx.doi.org/10.1016/0300-9084(96)88166-1
http://dx.doi.org/10.1006/jmbi.1998.2439
http://www.ncbi.nlm.nih.gov/pubmed/9925793
http://dx.doi.org/10.1016/S0959-440X(02)00285-3
http://dx.doi.org/10.1002/prot.10115
http://www.ncbi.nlm.nih.gov/pubmed/12001221
http://dx.doi.org/10.1016/j.sbi.2013.06.017
http://www.ncbi.nlm.nih.gov/pubmed/23871100
http://dx.doi.org/10.1002/jcc.21276
http://www.ncbi.nlm.nih.gov/pubmed/19462412
http://dx.doi.org/10.1016/j.drudis.2014.02.005
http://www.ncbi.nlm.nih.gov/pubmed/24594385
http://dx.doi.org/10.1016/j.bpj.2014.08.033
http://www.ncbi.nlm.nih.gov/pubmed/25418159
http://dx.doi.org/10.1016/j.drudis.2015.03.007
http://www.ncbi.nlm.nih.gov/pubmed/25801181
http://dx.doi.org/10.1016/S0022-2836(02)01223-8
http://dx.doi.org/10.1016/S0022-2836(02)01281-0
http://dx.doi.org/10.1038/nsb0496-333
http://www.ncbi.nlm.nih.gov/pubmed/8599759
http://dx.doi.org/10.1016/S0006-3495(00)76668-9
http://dx.doi.org/10.1002/(SICI)1097-0134(20000601)39:4&lt;372::AID-PROT100&gt;3.0.CO;2-Q
http://www.ncbi.nlm.nih.gov/pubmed/12761668
http://www.ncbi.nlm.nih.gov/pubmed/10439082
http://dx.doi.org/10.1038/nprot.2010.32
http://www.ncbi.nlm.nih.gov/pubmed/20431534
http://dx.doi.org/10.1248/cpb.c15-00431
http://www.ncbi.nlm.nih.gov/pubmed/26423037
http://centria.di.fct.unl.pt/~ludi/chemera/index.html


Molecules 2016, 21, 1037 16 of 19

31. Krippahl, L.; Madeira, F.; Barahona, P. Constraining protein docking with coevolution data for medical
research. In Artificial Intelligence in Medicine; Peek, N., Marín Morales, R., Peleg, M., Eds.; Springer: Berlin,
Germany, 2013; Volume 7885, pp. 110–114.

32. Bourquard, T.; Bernauer, J.; Aze, J.; Poupon, A. A collaborative filtering approach for protein-protein docking
scoring functions. PLoS ONE 2011, 6, e18541. [CrossRef] [PubMed]

33. Janin, J. Assessing predictions of protein-protein interaction: The capri experiment. Protein Sci. 2005, 14,
278–283. [CrossRef] [PubMed]

34. Fernández-Recio, J.; Sternberg, M.J.E. The 4th meeting on the critical assessment of predicted interaction
(CAPRI) held at the mare nostrum, barcelona. Proteins Struct. Funct. Bioinform. 2010, 78, 3065–3066.
[CrossRef]

35. Krippahl, L.; Moura, J.J.; Palma, P.N. Modeling protein complexes with bigger. Proteins 2003, 52, 19–23.
[CrossRef] [PubMed]

36. Krippahl, L.; Barahona, P. Protein docking with predicted constraints. Algorithms Mol. Biol. 2015, 10, 9.
[CrossRef] [PubMed]

37. Krippahl, L.; Barahona, P. Improving protein docking with redundancy constraints. In Lecture Notes in
Computer Science; Springer: Berlin, Germany, 2016; Volume CP-2016, in press.

38. Hofmann, A.; Proust, J.; Dorowski, A.; Schantz, R.; Huber, R. Annexin 24 from capsicum annuum. X-ray
structure and biochemical characterization. J. Biol. Chem. 2000, 275, 8072–8082. [CrossRef] [PubMed]

39. Monaco, S.; Gioia, M.; Rodriguez, J.; Fasciglione, G.F.; di Pierro, D.; Lupidi, G.; Krippahl, L.; Marini, S.;
Coletta, M. Modulation of the proteolytic activity of matrix metalloproteinase-2 (gelatinase A) on fibrinogen.
Biochem. J. 2007, 402, 503–513. [CrossRef] [PubMed]

40. Morelli, X.; Czjzek, M.; Hatchikian, C.E.; Bornet, O.; Fontecilla-Camps, J.C.; Palma, N.P.; Moura, J.J.;
Guerlesquin, F. Structural model of the Fe-hydrogenase/cytochrome c553 complex combining transverse
relaxation-optimized spectroscopy experiments and soft docking calculations. J. Biol. Chem. 2000, 275,
23204–23210. [CrossRef] [PubMed]

41. Impagliazzo, A.; Krippahl, L.; Ubbink, M. Pseudoazurin-nitrite reductase interactions. Chembiochem 2005, 6,
1648–1653. [CrossRef] [PubMed]

42. Banci, L.; Bertini, I.; Felli, I.C.; Krippahl, L.; Kubicek, K.; Moura, J.J.G.; Rosato, A. A further investigation of
the cytochrome b5-cytochrome c complex. J. Biol. Inorg. Chem. 2003, 8, 777–786. [CrossRef] [PubMed]

43. Palma, P.N.; Lagoutte, B.; Krippahl, L.; Moura, J.J.G.; Guerlesquin, F. Synechocystis ferredoxin/
ferredoxin-NADP(+)-reductase/NADP(+) complex: Structural model obtained by NMR-restrained docking.
Febs Lett. 2005, 579, 4585–4590. [CrossRef] [PubMed]

44. Betts, J.N.; Beratan, D.N.; Onuchic, J.N. Mapping electron tunneling pathways: An algorithm that finds the
‘minimum length’/maximum coupling pathway between electron donors and acceptors in proteins. J. Am.
Chem. Soc. 1992, 114, 4043–4046. [CrossRef]

45. Regan, J.J.; Risser, S.M.; Beratan, D.N.; Onuchic, J.N. Protein electron transport: Single versus multiple
pathways. J. Phys. Chem. 1992, 97, 13083–13088. [CrossRef]

46. Nussinov, R.; Panchenko, A.R.; Przytycka, T. Physics approaches to protein interactions and gene regulation.
Phys. Biol. 2011, 8. [CrossRef] [PubMed]

47. Fong, J.H.; Shoemaker, B.A.; Panchenko, A.R. Intrinsic protein disorder in human pathways. Mol. Biosyst.
2012, 8, 320–326. [CrossRef] [PubMed]

48. Morelli, X.J.; Palma, P.N.; Guerlesquin, F.; Rigby, A.C. A novel approach for assessing macromolecular
complexes combining soft-docking calculations with nmr data. Protein Sci. 2001, 10, 2131–2137. [CrossRef]
[PubMed]

49. Krippahl, L.; Palma, P.N.; Moura, I.; Moura, J.J.G. Modelling the electron-transfer complex between aldehyde
oxidoreductase and flavodoxin. Eur. J. Inorg. Chem. 2006, 3835–3840. [CrossRef]

50. De la Rosa, M.A.; Navarro, J.A.; Diaz-Quintana, A.; de la Cerda, B.; Molina-Heredia, F.P.; Balme, A.; Murdoch
Pdel, S.; Diaz-Moreno, I.; Duran, R.V.; Hervas, M. An evolutionary analysis of the reaction mechanisms of
photosystem I reduction by cytochrome c6 and plastocyanin. Bioelectrochemistry 2002, 55, 41–45. [CrossRef]

51. Hart, S.E.; Schlarb-Ridley, B.G.; Delon, C.; Bendall, D.S.; Howe, C.J. Role of charges on cytochrome f from
the cyanobacterium phormidium laminosum in its interaction with plastocyanin. Biochemistry 2003, 42,
4829–4836. [CrossRef] [PubMed]

http://dx.doi.org/10.1371/journal.pone.0018541
http://www.ncbi.nlm.nih.gov/pubmed/21526112
http://dx.doi.org/10.1110/ps.041081905
http://www.ncbi.nlm.nih.gov/pubmed/15659362
http://dx.doi.org/10.1002/prot.22801
http://dx.doi.org/10.1002/prot.10387
http://www.ncbi.nlm.nih.gov/pubmed/12784362
http://dx.doi.org/10.1186/s13015-015-0036-6
http://www.ncbi.nlm.nih.gov/pubmed/25722738
http://dx.doi.org/10.1074/jbc.275.11.8072
http://www.ncbi.nlm.nih.gov/pubmed/10713128
http://dx.doi.org/10.1042/BJ20061064
http://www.ncbi.nlm.nih.gov/pubmed/17087661
http://dx.doi.org/10.1074/jbc.M909835199
http://www.ncbi.nlm.nih.gov/pubmed/10748163
http://dx.doi.org/10.1002/cbic.200500082
http://www.ncbi.nlm.nih.gov/pubmed/16138306
http://dx.doi.org/10.1007/s00775-003-0479-y
http://www.ncbi.nlm.nih.gov/pubmed/12884088
http://dx.doi.org/10.1016/j.febslet.2005.07.027
http://www.ncbi.nlm.nih.gov/pubmed/16087182
http://dx.doi.org/10.1021/ja00037a004
http://dx.doi.org/10.1021/j100152a009
http://dx.doi.org/10.1088/1478-3975/8/3/030301
http://www.ncbi.nlm.nih.gov/pubmed/21572176
http://dx.doi.org/10.1039/C1MB05274H
http://www.ncbi.nlm.nih.gov/pubmed/22012032
http://dx.doi.org/10.1110/ps.07501
http://www.ncbi.nlm.nih.gov/pubmed/11567104
http://dx.doi.org/10.1002/ejic.200600418
http://dx.doi.org/10.1016/S1567-5394(01)00136-0
http://dx.doi.org/10.1021/bi020674h
http://www.ncbi.nlm.nih.gov/pubmed/12718523


Molecules 2016, 21, 1037 17 of 19

52. Pauleta, S.R.; Guerlesquin, F.; Goodhew, C.F.; Devreese, B.; van Beeumen, J.; Pereira, A.S.; Moura, I.;
Pettigrew, G.W. Paracoccus pantotrophus pseudoazurin is an electron donor to cytochrome c peroxidase.
Biochemistry 2004, 43, 11214–11225. [CrossRef] [PubMed]

53. Alves, T.; Besson, S.; Duarte, L.C.; Pettigrew, G.W.; Girio, F.M.; Devreese, B.; Vandenberghe, I.;
van Beeumen, J.; Fauque, G.; Moura, I. A cytochrome c peroxidase from pseudomonas nautica 617 active at
high ionic strength: Expression, purification and characterization. Biochim. Biophys. Acta 1999, 1434, 248–259.
[CrossRef]

54. Dell’Acqua, S.; Pauleta, S.R.; Monzani, E.; Pereira, A.S.; Casella, L.; Moura, J.J.G.; Moura, I. Electron transfer
complex between nitrous oxide reductase and cytochrome c552 from pseudomonas nautica: Kinetic, nuclear
magnetic resonance, and docking studies. Biochemistry 2008, 47, 10852–10862. [CrossRef] [PubMed]

55. Czjzek, M.; ElAntak, L.; Zamboni, V.; Morelli, X.; Dolla, A.; Guerlesquin, F.; Bruschi, M. The crystal structure
of the hexadeca-heme cytochrome hmc and a structural model of its complex with cytochrome c3. Structure
2002, 10, 1677–1686. [CrossRef]

56. ElAntak, L.; Morelli, X.; Bornet, O.; Hatchikian, C.; Czjzek, M.; Alain, D.A.; Guerlesquin, F. The cytochrome
c3-[Fe]-hydrogenase electron-transfer complex: Structural model by nmr restrained docking. Febs Lett. 2003,
548, 1–4. [CrossRef]

57. Giron-Monzon, L.; Manelyte, L.; Ahrends, R.; Kirsch, D.; Spengler, B.; Friedhoff, P. Mapping protein-protein
interactions between mutl and muth by cross-linking. J. Biol. Chem. 2004, 279, 49338–49345. [CrossRef]
[PubMed]

58. Winkler, M.; Kuhlgert, S.; Hippler, M.; Happe, T. Characterization of the key step for light-driven hydrogen
evolution in green algae. J. Biol. Chem. 2009, 284, 36620–36627. [CrossRef] [PubMed]

59. Winkler, J.R. Electron tunneling pathways in proteins. Curr. Opin. Chem. Biol. 2000, 4, 192–198. [CrossRef]
60. Gray, H.B.; Winkler, J.R. Long-range electron transfer. Proc. Natl. Acad. Sci. USA 2005, 102, 3534–3539.

[CrossRef] [PubMed]
61. Enroth, C.; Eger, B.T.; Okamoto, K.; Nishino, T.; Nishino, T.; Pai, E.F. Crystal structures of bovine milk

xanthine dehydrogenase and xanthine oxidase: Structure-based mechanism of conversion. Proc. Natl. Acad.
Sci. USA 2000, 97, 10723–10728. [CrossRef] [PubMed]

62. Dobbek, H.; Gremer, L.; Meyer, O.; Huber, R. Crystal structure and mechanism of co dehydrogenase,
a molybdo iron-sulfur flavoprotein containing S-selanylcysteine. Proc. Natl. Acad. Sci. USA 1999, 96,
8884–8889. [CrossRef] [PubMed]

63. Truglio, J.J.; Theis, K.; Leimkuhler, S.; Rappa, R.; Rajagopalan, K.V.; Kisker, C. Crystal structures of the active
and alloxanthine-inhibited forms of xanthine dehydrogenase from rhodobacter capsulatus. Structure 2002,
10, 115–125. [CrossRef]

64. Moura, J.J.; Barata, B.A. Aldehyde oxidoreductases and other molybdenum-containing enzymes.
Methods Enzymol. 1994, 243, 24–42. [PubMed]

65. Rebelo, J.M.; Dias, J.M.; Huber, R.; Moura, J.J.; Romao, M.J. Structure refinement of the aldehyde
oxidoreductase from Desulfovibrio gigas (MOP) at 1.28 Å. J. Biol. Inorg. Chem. 2001, 6, 791–800. [CrossRef]
[PubMed]

66. Romao, M.J.; Archer, M.; Moura, I.; Moura, J.J.; LeGall, J.; Engh, R.; Schneider, M.; Hof, P.; Huber, R. Crystal
structure of the xanthine oxidase-related aldehyde oxido-reductase from d. Gigas. Science (New York) 1995,
270, 1170–1176. [CrossRef]

67. Breese, K.; Fuchs, G. 4-hydroxybenzoyl-coa reductase (dehydroxylating) from the denitrifying bacterium
thauera aromatica—Prosthetic groups, electron donor, and genes of a member of the molybdenum-flavin-
iron-sulfur proteins. Eur. J. Biochem. FEBS 1998, 251, 916–923. [CrossRef]

68. Unciuleac, M.; Warkentin, E.; Page, C.C.; Boll, M.; Ermler, U. Structure of a xanthine oxidase-related
4-hydroxybenzoyl-coa reductase with an additional [4Fe-4S] cluster and an inverted electron flow. Structure
2004, 12, 2249–2256. [CrossRef] [PubMed]

69. Pettersen, E.F.; Goddard, T.D.; Huang, C.C.; Couch, G.S.; Greenblatt, D.M.; Meng, E.C.; Ferrin, T.E. UCSF
chimera—A visualization system for exploratory research and analysis. J. Comput. Chem. 2004, 25, 1605–1612.
[CrossRef] [PubMed]

70. Barata, B.A.; LeGall, J.; Moura, J.J. Aldehyde oxidoreductase activity in desulfovibrio gigas: In vitro
reconstitution of an electron-transfer chain from aldehydes to the production of molecular hydrogen.
Biochemistry 1993, 32, 11559–11568. [CrossRef] [PubMed]

http://dx.doi.org/10.1021/bi0491144
http://www.ncbi.nlm.nih.gov/pubmed/15366931
http://dx.doi.org/10.1016/S0167-4838(99)00188-0
http://dx.doi.org/10.1021/bi801375q
http://www.ncbi.nlm.nih.gov/pubmed/18803407
http://dx.doi.org/10.1016/S0969-2126(02)00909-7
http://dx.doi.org/10.1016/S0014-5793(03)00718-X
http://dx.doi.org/10.1074/jbc.M409307200
http://www.ncbi.nlm.nih.gov/pubmed/15371440
http://dx.doi.org/10.1074/jbc.M109.053496
http://www.ncbi.nlm.nih.gov/pubmed/19846550
http://dx.doi.org/10.1016/S1367-5931(99)00074-5
http://dx.doi.org/10.1073/pnas.0408029102
http://www.ncbi.nlm.nih.gov/pubmed/15738403
http://dx.doi.org/10.1073/pnas.97.20.10723
http://www.ncbi.nlm.nih.gov/pubmed/11005854
http://dx.doi.org/10.1073/pnas.96.16.8884
http://www.ncbi.nlm.nih.gov/pubmed/10430865
http://dx.doi.org/10.1016/S0969-2126(01)00697-9
http://www.ncbi.nlm.nih.gov/pubmed/7830614
http://dx.doi.org/10.1007/s007750100255
http://www.ncbi.nlm.nih.gov/pubmed/11713686
http://dx.doi.org/10.1126/science.270.5239.1170
http://dx.doi.org/10.1046/j.1432-1327.1998.2510916.x
http://dx.doi.org/10.1016/j.str.2004.10.008
http://www.ncbi.nlm.nih.gov/pubmed/15576037
http://dx.doi.org/10.1002/jcc.20084
http://www.ncbi.nlm.nih.gov/pubmed/15264254
http://dx.doi.org/10.1021/bi00094a012
http://www.ncbi.nlm.nih.gov/pubmed/8218223


Molecules 2016, 21, 1037 18 of 19

71. Watenpaugh, K.D.; Sieker, L.C.; Jensen, L.H.; Legall, J.; Dubourdieu, M. Structure of the oxidized form
of a flavodoxin at 2.5-angstrom resolution: Resolution of the phase ambiguity by anomalous scattering.
Proc. Natl. Acad. Sci. USA 1972, 69, 3185–3188. [CrossRef] [PubMed]

72. Hsieh, Y.C.; Chia, T.S.; Fun, H.K.; Chen, C.J. Crystal structure of dimeric flavodoxin from desulfovibrio gigas
suggests a potential binding region for the electron-transferring partner. Int. J. Mol. Sci. 2013, 14, 1667–1683.
[CrossRef] [PubMed]

73. Pauleta, S.R.; Dell’Acqua, S.; Moura, I. Nitrous oxide reductase. Coord. Chem. Rev. 2013, 257, 332–349.
[CrossRef]

74. Zumft, W.G.; Kroneck, P.M. Respiratory transformation of nitrous oxide (N2O) to dinitrogen by bacteria and
archaea. Adv. Microb. Physiol. 2007, 52, 107–227. [PubMed]

75. Dell’Acqua, S.; Moura, I.; Moura, J.J.G.; Pauleta, S.R. The electron transfer complex between nitrous oxide
reductase and its electron donors. J. Biol. Inorg. Chem. 2011, 16, 1241–1254. [CrossRef] [PubMed]

76. Brown, K.; Tegoni, M.; Prudencio, M.; Pereira, A.S.; Besson, S.; Moura, J.J.; Moura, I.; Cambillau, C. A novel
type of catalytic copper cluster in nitrous oxide reductase. Nat. Struct. Biol. 2000, 7, 191–195. [CrossRef]
[PubMed]

77. Brown, K.; Djinovic-Carugo, K.; Haltia, T.; Cabrito, I.; Saraste, M.; Moura, J.J.; Moura, I.; Tegoni, M.;
Cambillau, C. Revisiting the catalytic cuz cluster of nitrous oxide (N2O) reductase. Evidence of a bridging
inorganic sulfur. J. Biol. Chem. 2000, 275, 41133–41136. [CrossRef] [PubMed]

78. Paraskevopoulos, K.; Antonyuk, S.V.; Sawers, R.G.; Eady, R.R.; Hasnain, S.S. Insight into catalysis of nitrous
oxide reductase from high-resolution structures of resting and inhibitor-bound enzyme from achromobacter
cycloclastes. J. Mol. Biol. 2006, 362, 55–65. [CrossRef] [PubMed]

79. Brown, K.; Nurizzo, D.; Besson, S.; Shepard, W.; Moura, J.; Moura, I.; Tegoni, M.; Cambillau, C. Mad structure
of pseudomonas nautica dimeric cytochrome c552 mimicks the c4 dihemic cytochrome domain association.
J. Mol. Biol. 1999, 289, 1017–1028. [CrossRef] [PubMed]

80. Pettigrew, G.W.; Goodhew, C.F.; Cooper, A.; Nutley, M.; Jumel, K.; Harding, S.E. The electron transfer
complexes of cytochrome c peroxidase from paracoccus denitrificans. Biochemistry 2003, 42, 2046–2055.
[CrossRef] [PubMed]

81. Kataoka, K.; Yamaguchi, K.; Kobayashi, M.; Mori, T.; Bokui, N.; Suzuki, S. Structure-based engineering
of alcaligenes xylosoxidans copper-containing nitrite reductase enhances intermolecular electron transfer
reaction with pseudoazurin. J. Biol. Chem. 2004, 279, 53374–53378. [CrossRef] [PubMed]

82. Pettigrew, G.W.; Echalier, A.; Pauleta, S.R. Structure and mechanism in the bacterial dihaem cytochrome c
peroxidases. J. Inorg. Biochem. 2006, 100, 551–567. [CrossRef] [PubMed]

83. Traore, A.S.; Fardeau, M.L.; Hatchikian, C.E.; Le Gall, J.; Belaich, J.P. Energetics of growth of a defined mixed
culture of desulfovibrio vulgaris and methanosarcina barkeri: Interspecies hydrogen transfer in batch and
continuous cultures. Appl. Environ. Microbiol. 1983, 46, 1152–1156. [PubMed]

84. Widdel, F.; Hansen, T.A. The dissimilatory sulphate and sulphur-reducing bacteria. In The Prokaryotes;
Springer: New York, NY, USA, 1991; Volume 2, pp. 583–624.

85. Shafaat, H.S.; Rudiger, O.; Ogata, H.; Lubitz, W. [NiFe] hydrogenases: A common active site for hydrogen
metabolism under diverse conditions. Biochim. Biophys. Acta 2013, 1827, 986–1002. [CrossRef] [PubMed]

86. Tran, P.D.; Barber, J. Proton reduction to hydrogen in biological and chemical systems. Phys. Chem. Chem. Phys.
2012, 14, 13772–13784. [CrossRef] [PubMed]

87. Nicolet, Y.; Piras, C.; Legrand, P.; Hatchikian, C.E.; Fontecilla-Camps, J.C. Desulfovibrio desulfuricans iron
hydrogenase: The structure shows unusual coordination to an active site fe binuclear center. Structure 1999,
7, 13–23. [CrossRef]

88. Verhagen, M.F.; Wolbert, R.B.; Hagen, W.R. Cytochrome c553 from desulfovibrio vulgaris (hildenborough).
Electrochemical properties and electron transfer with hydrogenase. Eur. J. Biochem. FEBS 1994, 221, 821–829.
[CrossRef]

89. Blackledge, M.J.; Guerlesquin, F.; Marion, D. Comparison of low oxidoreduction potential cytochrome c553

from desulfovibrio vulgaris with the class i cytochrome c family. Proteins 1996, 24, 178–194. [CrossRef]
90. Blackledge, M.J.; Medvedeva, S.; Poncin, M.; Guerlesquin, F.; Bruschi, M.; Marion, D. Structure and dynamics

of ferrocytochrome c553 from desulfovibrio vulgaris studied by nmr spectroscopy and restrained molecular
dynamics. J. Mol. Biol. 1995, 245, 661–681. [CrossRef] [PubMed]

http://dx.doi.org/10.1073/pnas.69.11.3185
http://www.ncbi.nlm.nih.gov/pubmed/4508313
http://dx.doi.org/10.3390/ijms14011667
http://www.ncbi.nlm.nih.gov/pubmed/23322018
http://dx.doi.org/10.1016/j.ccr.2012.05.026
http://www.ncbi.nlm.nih.gov/pubmed/17027372
http://dx.doi.org/10.1007/s00775-011-0812-9
http://www.ncbi.nlm.nih.gov/pubmed/21739254
http://dx.doi.org/10.1107/S0108767300022571
http://www.ncbi.nlm.nih.gov/pubmed/10700275
http://dx.doi.org/10.1074/jbc.M008617200
http://www.ncbi.nlm.nih.gov/pubmed/11024061
http://dx.doi.org/10.1016/j.jmb.2006.06.064
http://www.ncbi.nlm.nih.gov/pubmed/16904686
http://dx.doi.org/10.1006/jmbi.1999.2838
http://www.ncbi.nlm.nih.gov/pubmed/10369779
http://dx.doi.org/10.1021/bi027125w
http://www.ncbi.nlm.nih.gov/pubmed/12590592
http://dx.doi.org/10.1074/jbc.M410198200
http://www.ncbi.nlm.nih.gov/pubmed/15475344
http://dx.doi.org/10.1016/j.jinorgbio.2005.12.008
http://www.ncbi.nlm.nih.gov/pubmed/16434100
http://www.ncbi.nlm.nih.gov/pubmed/16346421
http://dx.doi.org/10.1016/j.bbabio.2013.01.015
http://www.ncbi.nlm.nih.gov/pubmed/23399489
http://dx.doi.org/10.1039/c2cp42413d
http://www.ncbi.nlm.nih.gov/pubmed/22965001
http://dx.doi.org/10.1016/S0969-2126(99)80005-7
http://dx.doi.org/10.1111/j.1432-1033.1994.tb18796.x
http://dx.doi.org/10.1002/(SICI)1097-0134(199602)24:2&lt;178::AID-PROT5&gt;3.0.CO;2-F
http://dx.doi.org/10.1006/jmbi.1994.0054
http://www.ncbi.nlm.nih.gov/pubmed/7844834


Molecules 2016, 21, 1037 19 of 19

91. Pervushin, K.; Riek, R.; Wider, G.; Wuthrich, K. Attenuated T2 relaxation by mutual cancellation of
dipole-dipole coupling and chemical shift anisotropy indicates an avenue to NMR structures of very
large biological macromolecules in solution. Proc. Natl. Acad. Sci. USA 1997, 94, 12366–12371. [CrossRef]
[PubMed]

92. Zuiderweg, E.R. Mapping protein-protein interactions in Solution by nmr spectroscopy. Biochemistry 2002,
41, 1–7. [CrossRef] [PubMed]

93. Sebban-Kreuzer, C.; Blackledge, M.; Dolla, A.; Marion, D.; Guerlesquin, F. Tyrosine 64 of cytochrome c553

is required for electron exchange with formate dehydrogenase in desulfovibrio vulgaris hildenborough.
Biochemistry 1998, 37, 8331–8340. [CrossRef] [PubMed]

94. Almeida, R.M.; Pauleta, S.R.; Moura, I.; Moura, J.J.G. Rubredoxin as a paramagnetic relaxation-inducing
probe. J. Inorg. Biochem. 2009, 103, 1245–1253. [CrossRef] [PubMed]

95. Pieulle, L.; Morelli, X.; Gallice, P.; Lojou, E.; Barbier, P.; Czjzek, M.; Bianco, P.; Guerlesquin, F.; Hatchikian, E.C.
The type I/type II cytochrome c3 complex: An electron transfer link in the hydrogen-sulfate reduction
pathway. J. Mol. Biol. 2005, 354, 73–90. [CrossRef] [PubMed]

96. Meyer, J.; Moulis, J.M. Rubredoxin. In Handbook of Metalloproteins; Messerschmidt, A., Huber, R.,
Wieghardt, K., Poulos, T., Eds.; John Wiley and Sons, Inc.: New York, NY, USA, 2001.

97. Bertini, I.; Luchinat, C.; Parigi, G.; Pierattelli, R. NMR spectroscopy of paramagnetic metalloproteins.
Chembiochem 2005, 6, 1536–1549. [CrossRef] [PubMed]

98. Kukimoto, M.; Nishiyama, M.; Ohnuki, T.; Turley, S.; Adman, E.T.; Horinouchi, S.; Beppu, T. Identification of
interaction site of pseudoazurin with its redox partner, copper-containing nitrite reductase from alcaligenes
faecalis s-6. Protein Eng. 1995, 8, 153–158. [CrossRef] [PubMed]

99. Kukimoto, M.; Nishiyama, M.; Tanokura, M.; Adman, E.T.; Horinouchi, S. Studies on protein-protein
interaction between copper-containing nitrite reductase and pseudoazurin from alcaligenes faecalis s-6.
J. Biol. Chem. 1996, 271, 13680–13683. [PubMed]

100. Dominguez, C.; Boelens, R.; Bonvin, A.M. Haddock: A protein-protein docking approach based on
biochemical or biophysical information. J. Am. Chem. Soc. 2003, 125, 1731–1737. [CrossRef] [PubMed]

101. Van Zundert, G.C.; Bonvin, A.M. Modeling protein-protein complexes using the haddock webserver
“modeling protein complexes with haddock”. Methods Mol. Biol. 2014, 1137, 163–179. [PubMed]

102. Jonker, H.R.A.; Wechselberger, R.W.; Boelens, R.; Folkers, G.E.; Kaptein, R. Structural properties of the
promiscuous VP16 activation domain. Biochemistry 2005, 44, 827–839. [CrossRef] [PubMed]

103. Xu, X.; Schuermann, P.; Chung, J.-S.; Hass, M.A.S.; Kim, S.-K.; Hirasawa, M.; Tripathy, J.N.; Knaff, D.B.;
Ubbink, M. Ternary protein complex of ferredoxin, ferredoxin:Thioredoxin reductase, and thioredoxin
studied by paramagnetic nmr spectroscopy. J. Am. Chem. Soc. 2009, 131, 17576–17582. [CrossRef] [PubMed]

104. Monini, P.; Cafaro, A.; Srivastava, I.K.; Moretti, S.; Sharma, V.A.; Andreini, C.; Chiozzini, C.; Ferrantelli, F.;
Cossut, M.R.; Tripiciano, A.; et al. HIV-1 tat promotes integrin-mediated hiv transmission to dendritic
cells by binding env spikes and competes neutralization by anti-hiv antibodies. PLoS ONE 2012, 7, e48781.
[CrossRef] [PubMed]

Sample Availability: Not available.

© 2016 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC-BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1073/pnas.94.23.12366
http://www.ncbi.nlm.nih.gov/pubmed/9356455
http://dx.doi.org/10.1021/bi011870b
http://www.ncbi.nlm.nih.gov/pubmed/11771996
http://dx.doi.org/10.1021/bi980142u
http://www.ncbi.nlm.nih.gov/pubmed/9622485
http://dx.doi.org/10.1016/j.jinorgbio.2009.07.006
http://www.ncbi.nlm.nih.gov/pubmed/19651443
http://dx.doi.org/10.1016/j.jmb.2005.09.036
http://www.ncbi.nlm.nih.gov/pubmed/16226767
http://dx.doi.org/10.1002/cbic.200500124
http://www.ncbi.nlm.nih.gov/pubmed/16094696
http://dx.doi.org/10.1093/protein/8.2.153
http://www.ncbi.nlm.nih.gov/pubmed/7630886
http://www.ncbi.nlm.nih.gov/pubmed/8662745
http://dx.doi.org/10.1021/ja026939x
http://www.ncbi.nlm.nih.gov/pubmed/12580598
http://www.ncbi.nlm.nih.gov/pubmed/24573481
http://dx.doi.org/10.1021/bi0482912
http://www.ncbi.nlm.nih.gov/pubmed/15654739
http://dx.doi.org/10.1021/ja904205k
http://www.ncbi.nlm.nih.gov/pubmed/19908864
http://dx.doi.org/10.1371/journal.pone.0048781
http://www.ncbi.nlm.nih.gov/pubmed/23152803
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/

	Introduction 
	Methodology 
	Search Stage 
	Scoring Stage 

	Data Analysis 
	Properties of the Complex 
	Important Residues in Complex Formation 
	Distance between Redox Centers 

	Case Studies 
	Case A—Docking without or Little Filtering 
	Case B—Solutions Filtered by Experimental Data 
	Case C—Information on the Interacting Surface from Both Partners 

	Discussion and Final Remarks 

